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Chinese mutual fund industry has been developing very fast in the past five years. It 
is becoming increasingly important to understand the performance patterns of the players 
in this industry for both academic reasons and the purpose of investment. In this study, I 
investigate the performance of Chinese open-end equity mutual funds for the period of 
2004-2007. The results show that during this period, these equity mutual funds 
outperform the market.  However, their performances are not persistent and there is 
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Chapter 1   Introduction 
Academic research of mutual fund performance and performance persistency are 
ample in developed markets such as in the U.S. Jensen (1968) introduces the Jensen’s 
alpha and concludes that U.S. mutual funds underperform the market. However, Wermers 
(2000) provides some evidence of picking ability in fund managers by studying the 
returns of fund portfolio holdings. However, if transaction costs and expenses are 
included, the performance of the mutual funds is still worse than the market. Regarding 
persistency, Carhart (1997) finds performance persistency on a yearly basis by 
introducing the four-factor model. Hendricks, Patel, and Zeckhauser (1993) argue that 
past mutual fund returns could predict their future returns therefore investors could earn 
money by purchasing the recently good-performing funds. Nevertheless, mutual fund 
performance in developing markets is a largely unexplored area. The phenomenon that 
we can observe in a fast growing market could be of interest to many researchers as well 
as a vast number of investors, possibly due to their market microstructure or development 
of the financial markets. This paper examines the performance and persistency of 
Chinese mutual funds.  
The investigation of mutual fund performance involves two joint hypotheses. First, 
the market is not efficient in the way that information is not fully reflected in current 
security prices. Second, the fund managers could pick out the undervalued stocks to beat 
the market. An additional concern is that the models evolved in the developed markets 
may not be suitable in a developing one. Nevertheless, China’s market has several 
features that lead to its inefficiency. First, information disclosure of listed companies is 
not sufficient. Companies do not disclose accurate financial information. Second, 
information asymmetry between institutional investors and individual investors is serious. 
Third, government interference and other non-market factors heavily affect the stock 
prices. Finally, investors who rarely get dividends tend to invest with short-term 
objectives and to speculate in the market. Irrationality among investors is common 
(Mookerjee and Qiao, 1999). 
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In spite of the market inefficiency, are Chinese mutual funds a kind of good 
investment during the past several years? From the perspective of most investors, they at 
least have obtained quite high returns during 2004 to 2007. However, whether these 
returns indicate positive Jensen’s alpha is still a question. This paper adopts some widely 
–used performance measures to address the following questions: 1) Do Chinese fund 
managers have the picking ability? 2) Is there performance persistency in Chinese mutual 
funds? 3) Do Chinese fund managers have the timing ability? 
Researchers in China are also trying to study the domestic mutual fund performance. 
Yang and Liu (2005) show that during January 2004 to October 2004, the returns from 
net selectivity are negative for 20 mutual funds (including bond funds).  In contrast, Wu 
and Lu (2007) find evidence of superior fund performance for 2006 and 2007. 
Nevertheless, the short sample periods of these studies limit the accuracy of their findings. 
In addition, they have not included the public information that could affect the 
performance results, as suggested by Ferson and Schadt (1996). Regarding performance 
persistency, GARCH and auto-regression models have been used in China (Zhao and 
Wang, 2005).  In this paper, I employ some of the more widely accepted persistency tests 
as supplements to the study in China.  
 The results in this study indicate that during 2004 to 2007, the mutual funds in the 
sample significantly outperform the market with positive Jensen’s alphas, both 
unconditionally and conditionally. However, they demonstrate negative market timing 
ability. In addition, the analysis with various models does not support performance 
persistency. 
The remainder of this paper is organized as follows: Chapter 2 describes the 
background information and the development of Chinese mutual fund industry. Chapter 3 
presents the literature reviews on mutual fund performance in the US and some other 
countries. Chapter 4 discusses the hypotheses development. Chapter 5 explains the 
models and methodologies used in this study. Chapter 6 explains the issues of data 
collection. Chapter 7 discusses the empirical results and their interpretations. Chapter 8 
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Chapter 2   Backgrounds 
China opened the Shanghai Stock Exchange and Shenzhen Stock Exchange in 1990 
and 1991, respectively. In the beginning, listed companies were allowed to issue only A 
shares for domestic investors. Since 1992, some companies were authorized to issue B 
shares for overseas investors.  
The formation and development of Chinese mutual fund industry has been a long and 
rugged process. The industry started in 1991 and its development could be divided into 
two main stages by the implementation of the "Security Investment Fund Interim 
Measures" in October 1997. 
The first stage started in October 1991, when China's security market just began to 
operate. "Wuhan Security Investment Fund” and "Shenzhen Nanshan Investment Fund” 
were approved by the People's Bank of China Wuhan Branch and Shenzhen Nanshan 
District government respectively. They became the first batch of Chinese mutual funds. 
In 1992, there were 37 mutual funds approved by various levels of the People’s Bank of 
China and other agencies.  
There are several characteristics of the mutual funds at the first stage. First, their 
organizational format was almost the same. They were all closed-end funds. Second, they 
were small in scale. The largest fund was Tianji Fund with total assets of RMB 5.8 billion. 
The smallest one was the Wuhan Fund with assets of RMB 10 million. The average size 
of funds was RMB 80 million. Third, fund sponsors were from a wide range of entities, 
including banks, trust and investment companies, security companies, and insurance 
companies.  
With those characteristics, China’s mutual fund industry, at its initial stage, had the 
following major problems. First, it lacked clear and effective supervising rules. For 
example, the People’s Bank of China’s local branches or local governments approved the 
majority of the funds, just by following the local regulations. The approving authorities 
also did not fully implement their regulatory obligations. Second, investor interests 
lacked adequate protection. For instance, some funds’ management company, custodian, 
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and sponsors were the same firm. In addition, mutual fund assets were mixed with the 
assets of the fund management company, causing accounting confusions.  
In October 1997, the implementation of "Security Investment Fund Interim 
Measures" marked the start of the second stage in Chinese mutual fund history. It made 
clear regulations on the rights and obligations of the fund custodians and the management 
companies as well as the establishment of mutual funds. In 2001, Hua’an innovation 
investment fund became the first Chinese open-end fund. At the same time, the 
reconstruction of the old investment funds was also on the way and some of them reached 
the requirements for re-listing as new mutual funds. 
“Law on Security Investment Funds” was implemented on June 1, 2004. It removed 
the requirement of investing at least 20% of a fund’s assets in treasury securities by the 
"Security Investment Fund Interim Measures". This change gave fund companies more 
freedom in arranging their asset allocations.  
By the end of November 2008, there are 454 open-end mutual funds and 5 exchange 
traded funds (ETF) in China’s market. Among all the open-end funds, there are 191 
equity mutual funds, 90 bond mutual funds, 53 monetary market funds and 120 hybrid 
funds. The followings are the current features of Chinese mutual fund industry. First, 
laws and regulation system have constantly been improved. This creates a favorable 
external environment for the fund industry. Second, the size of mutual funds and their 
impact on the market have been growing. Third, there are more and more new fund types, 
such as bond funds and hybrid funds. Fourth, facing the worldwide competition after 
China joined the WTO, fund management companies are engaging in extensive 






Chapter 3   Literature Reviews 
The studies of mutual fund performance in the U.S. market basically suggest neutral 
or negative net returns relative to the market. However, the portfolio holdings approach 
shows that some funds could beat the market. Jensen (1968) firstly introduces Jensen’s α 
to evaluate fund performance. He finds that mutual fund manager on average are not able 
to outperform the market, and the distribution of the fund alpha is negatively skewed. In 
addition, Grinblatt and Titman (1989) find that no category of mutual funds could display 
positive abnormal returns. However, they show that by mimicking the fund portfolio 
holdings, growth and aggressive growth funds demonstrate significantly positive excess 
returns relative to the market. Wermers (2000) uses the characteristic measures to further 
suggest that an average fund’s stock portfolios significantly outperform the market.  
However, he also finds negative Carhart measure (alpha) using fund net returns. On the 
other hand, Ferson and Schadt (1996) incorporate conditional public information in the 
CAPM to examine whether funds really underperform the market. They find that after 
considering the public information, the performance results improve significantly. The 
distribution of the mutual fund alpha is consistent with the view of neutral performance 
relative to the market.  
There are some evidence of performance persistency in U.S. mutual funds. Grinblatt 
and Titman (1992) equally split their sample period into two parts and find that there is 
positive performance persistency. In 1993, they further confirm that there is significantly 
positive relationship between the current return and the lagged four quarter return for 
growth and aggressive growth funds. Hendricks, Patel and Zeckhauser (1993) discover 
similar results. They show that the autocorrelation coefficients between the current return 
and the lagged one to four quarters returns are significant and that the mean excess 
returns (Jensen’s alpha) increase monotonically with fund octile ranks. Brown and 
Goetzmann (1995) provide further evidence on the persistency of mutual funds. They 
find that in seven years out of ten years, their sample indicates significantly positive 
persistency. Grinblatt, Titman, and Wermers (1995) find that funds with momentum 
investment strategy perform better than funds with contrarian investment strategy, 
especially for the aggressive growth funds. Carhart (1997) develops the four-factor model. 
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He demonstrates that the monthly excess returns decrease nearly monotonically with 
portfolio rank. The returns of the top decile funds are correlated positively with the one-
year momentum factor, while the returns of the bottom decile are negatively correlated 
with the factor. However, Wermers (2003) shows that fund performances are correlated 
strongly with both contemporaneous and past cash flows, but not with past performance. 
Timing ability among mutual fund managers has not been confirmed from the U.S. 
evidence. Chang and Lewellen (1984) find little evidence of market-timing ability in fund 
managers. In addition, Wermers (2000) does not find timing ability of fund managers by 
using his characteristic timing measures.  
 Studies of mutual fund performance in other countries show some particular features. 
Generally, they cannot find performance persistency. Cai, Chan, and Yamada (1997) 
study the Japanese open-end mutual funds. They find that the Japanese mutual funds 
significantly underperform the market with significantly negative alphas and that there is 
little performance persistency. Otten and Bams (2000) study the mutual funds in the U.K., 
Germany, France, Italy and Netherlands. They discover that small capitalization mutual 
funds outperform the benchmark.  In addition, there is only weak evidence of 
performance persistency, except for the funds in the U.K. Yang and Liu (2005), using 
Fama’s decomposition, show that during January 2004 to October 2004, the return from 
net selectivity is negative for 20 funds in China (including bond funds).  
In my paper, I analyze Chinese mutual fund performance by adopting some of the 
widely used measures for a relatively long time horizon. As Chinese mutual fund history 
is short, this study also gives a general view of the largely unexploited Chinese mutual 





Chapter 4   Hypotheses Development 
China’s stock market has been regarded as a typical inefficient market. There are 
several reasons that lead to its inefficiency. For example, there is no active market for 
corporate control transactions; company information revealed is neither accurate nor 
complete; and there is little protection for creditors and shareholders. These conditions 
result in serious information asymmetry problem between firms and investors in China. 
Wu and Lu (2007) find superior fund performance. However, Yang and Liu (2005) show 
that during January 2004 to October 2004, the returns from net selectivity are negative 
for their sample funds.  
The market inefficiency mainly leads to the possibility of institutional investors 
having superior performance relative to the market. The current security prices cannot 
fully reflect relevant information. It may be common that some stocks are overvalued and 
some others are undervalued. Fund managers therefore could beat the market by long the 
undervalued stock, although shot is forbidden in China’s stock market. 
H1: Chinese open-end equity mutual funds outperform the market. 
 Another issue that many researchers have paid attention to is the performance 
persistency. In other words, is it true that top funds always remain top while bottom funds 
remain bottom? The turnover rate of fund managers in China is high, making persistency 
less likely even if managers have picking abilities. In 2006, there were 147 fund 
managers leaving their positions, accounting for 26.82% of the total number. In 2007, 
120 managers left, making up for 35.19% of the total number. The market is also 
interfered heavily by the government. The composition of investors has also changed 
significantly during the past few years with increasing of institutional investors. With the 
rapid changes in the market and in the mutual fund industry, I make the following 
hypothesis: 
H2: There is no performance persistency over time among Chinese open-end equity 
mutual funds. 
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I will examine this hypothesis with commonly used techniques in the literature as 
towel as the auto-regression or GARCH models widely used in China (Zhao and Wang, 
2005).  
As mentioned before that influence from the government and the immaturity of 
market and investors makes fund managers hard to formulate predictive, I thus formulate 
the following hypothesis:  
H3: Chinese mutual fund managers do not have the ability to time the market. 
The first two hypotheses investigate fund performance at two levels: relative to the 
market and among themselves. The third hypothesis further develops a particular aspect 
of fund manager’s ability-the timing ability. Overall, these three hypotheses suggest that 
Chinese equity mutual funds can beat the market, but we cannot find persistent 











Chapter 5   Methodology Design 
This chapter describes the methods used to measure Chinese mutual fund 
performance, performance persistency and the timing ability of the fund managers. 
Section 5.1 introduces the performance measures. Section 5.2 discusses the methods to 
test performance persistency. Section 5.3 discusses the methods to examine fund 
managers’ timing ability. 
5.1 Performance Measures 
5.1.1 Jensen’s Measure (Unconditional CAPM) 
Jensen’s alpha is based on CAPM and frequently used in fund performance studies. 
Suppose Rpt+1 is the excess return of a fund and rmt+1 is the excess return of the value-
weighted market index. Then the Jensen’s measure refers to the intercept αp in the 
following regression: 
111   ptmtpppt rR                                                                                              (1)  
A positive Jensen’s alpha indicates that the fund manager can earn returns through the 
successful prediction of security prices. His return would be higher than what we would 
expect given the level of the risk of the portfolio. In other words, he can earn more than 
normal risk premium.  
Regressions of funds’ excess returns on the market excess returns for every fund are 
performed in this study to obtain the Jensen’s alpha. Then alphas are averaged for every 
fund category to understand the performance difference in different fund types. I also run 
regressions for equally weighted fund portfolios for each fund category to obtain their 
Jensen’s alpha.  
5.1.2 Conditional Jensen’s Measure (Conditional CAPM) 
The conditional Jensen’s measure, which incorporates public information in the 
regression in order to account for the changing economic conditions, is a modified 
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Jensen’s measure. Ferson and Schadt (1996) first introduced this method and find 
improvements in fund performance in the U.S. market. If a mutual fund manager wants to 
keep the return volatility stable relative to the market over time, she would try to decrease 
beta when the market is volatile and do the opposite otherwise. This changing beta could 
lead to a failure of alpha estimation in an unconditional model. Therefore, a conditional 
model is to control for the time-varying betas so we can filter out managers’ response to 
the public information. In the model, the portfolio beta assumes a linear function form of 
the public information variables:  
tpptpm zBbZ
'
0)(                                                                                                        (2)  
where )( ttt ZEZz   is a vector of the deviations of tZ  from its unconditional mean. 
pb0 is the unconditional mean of the conditional beta: E( )( tpm Z ). The elements of 
pB are the response coefficients of the conditional beta with respect to information 




11 )(   ptmttpmtpppt rzrR                                                                           (3) 
The conditional Jensen’s model is also used as a performance measure in this study 
with China’s data.  
5.1.3 Performance Attribution by Fama’s Decomposition of Returns 
Further analysis on the performance involves the use of Fama’s (1972) decomposition 
of excess returns. Jensen’s alpha demonstrates the excess return from superior security 
selection. However, if the portfolio were perfectly diversified as reflected by the Capital 









                                                                                                  (4) 
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where rm is the market return, σm is the standard deviation of the market return, rp is the 
return of the portfolio, σp is the standard deviation of the portfolio and rf is the risk-free 
rate. The portfolio with purely systematic risk may have returns higher than the actual 







   .  The return from diversification then is:                                                                                                                                           
]))(([]))(([ pfmfdfmfd rrErrrErr                                                             (5) 







                                                                                              (6) 
    The return from net selectivity would be the difference between the return from 
security selection and the return from diversification, which is: 
  dpn rr                                                                                                                      (7) 
where αp is the intercept of equation (1) or equation (3), rn is the return from net 
selectivity, which tells whether fund managers can earn enough return from not fully 
diversifying the portfolio. In other words, the return from net selectivity is the risk 
premium for the undiversified risks.  
     In this study, I decompose the Jensen’s alphas following Fama (1972) for equally 
weighted funds according to their categories. 
5.2 Performance Persistency 
5.2.1 Correlation and Two-group Division 
To investigate performance persistency, I first use statistical correlation of fund 
alphas between two consecutive periods. The sample period is divided into two parts: 
2004-2005 and 2006-2007. Then, Jensen’s alpha from the unconditional CAPM and the 
conditional CAPM are computed for each period and correlations of the alphas from the 
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two periods are reported. A significant correlation coefficient will imply performance 
persistency among the mutual funds.  
In the second approach, I divide the sample funds during the period 2004-2005 into 
two groups, High and Low, based on their alphas. I examine the performance of these 
two equally weighted portfolios during 2006-2007. If the High portfolio still significantly 
performs better, we can argue that there is performance persistency.  
5.2.2 Performance Persistency-Regression Test 
In the light of Christopherson et al. (1998), another way of measuring persistency is a 
cross-sectional regression of future excess returns on the past alphas: 
,11   ptpttptr  p=1,2,…,n                                                                                   (8) 
where 1ptr is the excess return for fund p in period t+1, and pt  is the Jensen’s alpha in 
period t. The hypothesis that alphas can predict future returns implies that t  is different 
from zero.   
 Equation (8) is a predictive cross-sectional regression. According to Petersen (2008), 
to account for the possible cross-sectional and time-series correlations, I use time 
dummies for years and clusters on individual funds. This approach would reduce the time 
effect and the firm-specific effect.  
5.2.3 Repeat Performers: Cross-Product-Ratio 
Following Brown and Goetzmann (1995), I track the performance of the sample 
mutual funds on a yearly basis. It identifies a fund as a winner for the current year if its 
performance is above or equal to the median of the funds and a loser otherwise. Based on 
the classification of any two consecutive years, I calculate the Cross-Product-Ratio (CPR). 
It is the number of the repeated performers against the number of those that do not repeat. 
In other words, it is (WW*LL)/ (WL*LW). If there is performance persistency between 
two consecutive years, the CPR will be different from 1. The natural log of cross-product 
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ratio divided by its standard error is distributed asymptotically normal, under the 
assumption of independent observations. 
5.2.4 Performance Persistency with One-Year Return Sorted Mutual Funds. 
Another approach is to sort funds based on their past return and examine their current 
period alphas. This method is first introduced by Carhart (1997) and also applied by 
Otten and Bams (2000) to investigate performance persistency of the European funds. I 
form five equally weighted portfolios of mutual funds on their past one-year return. Then 
returns of these portfolios are regressed on the market excess returns and other 
information variables. After one year, I reconstruct the five portfolios based on their last 
year’s returns. This creates a monthly time series of each portfolio from 2005 to 2007.  If 
performance is persistent, the top portfolio should always have a higher Jensen’s alpha 
than other portfolios whereas the bottom portfolio should always show the lowest alphas.  
5.3 Market Timing Ability  
5.3.1 Treynor Mazuy (TM) Model 
To investigate whether the fund managers have the timing ability, I use two classic 
market timing models, namely the Treynor-Mazuy model (TM model) and the Merton-
Henriksson model (MH model).  The TM model is: 
1
2
111   tmttmtpppt rrbr                                                                                        (9) 
where the coefficient t  measures the market timing ability of fund managers. Admati et 
al. (1986) describe a model in which a manager with constant absolute risk aversion in a 
normally distributed world observes a private signal 1mtr . Then he will change the 
portfolio beta linearly. The t  in equation (9) is positive if the manager increases beta 
when the signal about the market is positive. If the manager has no such timing ability, 
t  is zero.  
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5.3.2 Merton and Henriksson (MH) Model 
Merton and Henriksson (1981) describe an alternative model to examine managers’ 
market timing ability. In this model, the manager tries to forecast when the market 
portfolio return will exceed the risk free rate. When the forecast is an up market, the 
manager adjusts the portfolio to a higher target beta. Then if the manager can time the 
market, the coefficient u  in the following regression is positive: 
1111 ][ 

  ptmtumtpppt rrbr                                                                             (10) 
where ][ 1mtr  is defined as Max (0, rmt+1). Merton and Henriksson (1981) interpret Max (0, 
rmt+1) as the payoff to an option on the market portfolio and the exercise price equals the 












Chapter 6   Data Selection 
The sample data is obtained from Wind Inc., a China’s leading financial data provider 
cooperating with DowJones, Xinhua FTSE, and MSCI. I create a list of all the 29 open-
end equity mutual funds that started operation before 2004. If I extended the sample 
period to 2003, the sample would only include 13 mutual funds. Then the size would not 
be enough to conduct performance persistency tests because some groups may only 
contain two funds and are too small to be illustrative. Bonds, balanced, money market 
funds and QFII (Qualified Foreign Institutional Investors) are not included. Monthly 
returns of the 29 open-end equity mutual funds are calculated and then annualized. The 
sample period is from January 2004 to December 2007 where all the 29 funds are tracked 
through the end of the period. As in many studies that use monthly data, I here implicitly 
assume that investors evaluate risk and return monthly, and that mutual fund managers 
trade their assets on a one-month horizon.  
The NAV (net asset value) are provided by Wind Inc. They are adjusted for splits and 
dividends, and net of expenses and trading costs. The cost of equity trading in China, 
including commissions, stamp duty and transfer fees, is about 0.5% to 0.8% of the initial 
purchasing price. However, front-end charges and exit fees are not deducted from the 
NAV. Each of them is about 1.5% of the fund value purchased. However, the exit fees 
usually decrease gradually to zero with the holding period of funds reaching three or four 
years. I could not adjust in general because many fund companies do not charge them in 
order to attract clients, resulting in missing values. 
I use the one-year deposit interest rate as the risk free rate to compute the excess 
returns of mutual funds. The interest rate is obtained from China’s central bank, the 
People’s Bank of China. The reason I use the one-year deposit rate is that at early times 
there were only few kinds of treasury bonds in the market and even no short-term bonds. 
In addition, when treasury bonds are issued, their yields are usually based on the same 
term bank interest rates plus a certain premium. Moreover, bond markets in China are 
divided into the exchange market and the interbank market. Although mutual funds can 
take part in both of them, these markets are separated and form different rates from time 
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to time. As a result, the one-year deposit rate tends to provide a better indicator as the risk 
free rate. 
Chinese mutual funds were also needed to invest at least 20% of their assets in 
treasury bonds required by the “Security Investment Fund Interim Measures” until May 
2004. The “Law on Security Investment Funds” removed that requirement. This 
requirement is incorporated to construct the market benchmark return. The CSMAR 
value-weighted market index with dividends is used to proxy for the stock market return 
and Zhong Xin-S&P government bond index is used for bond market return. 
In the conditional CAPM model, the predetermined information variables are the ones 
that previous studies have found useful in forecasting market returns and risks. The 
variables are lagged dividend yield of the value-weighted index, lagged term spread 
between the yields on 10-year treasury bonds and 0.5-year treasury bonds, and finally the 
January dummy variable. As China’s market has less financial instruments and indicators 
than the U.S., the instrumental variables chosen are exactly their available U.S. 
counterparts in China. All investors have access to obtain these kinds of public 
information. Dividend yields are constructed from the difference between the two market 
index returns with and without dividends, provided by the CSMAR database. The 
dividend yield is computed by summing the monthly dividend for 12 months preceding 
month t and dividing the sum with the index without dividends for month t. The 0.5-year 
Treasury bond rates and the yields on the 10-year government bonds are obtained from 







Chapter 7   Empirical Results 
This chapter presents the results on fund performance, performance persistency and 
the timing ability of fund managers.  The main results are that managers of Chinese 
mutual funds on average have positive alphas, but no persistency or timing ability. 
7.1 Fund Performance 
7.1.1 Performance  
Table I shows the results of regressions (1) and (3). Fund styles include index, growth, 
stable, income and maximum capital gain, following the classification by Wind Inc. The 
alphas of all the fund styles are positive. This supports the hypothesis that Chinese 
mutual fund managers have the picking ability. The growth fund category has the best 
performance with an alpha of 0.464 unconditionally and 0.392 conditionally. The index 
funds perform the worst. Jensen’s alpha decreases with the introduction of the conditional 
information. Furthermore, in the un-tabled results, betas are generally less than one, with 
index funds having the highest beta with both the conditional and unconditional model.  
Interestingly the fund performance declines once incorporating the conditional 
information, from an average alpha of 0.383 unconditionally to 0.339 conditionally. This 
result contradicts the evidence found in the U.S. where conditional information tends to 
improve the results of fund performance. This discrepancy can be explained partly by 
considering how such conditional information works. The conditional model is relevant if 
the fund managers take reasonable response to the public information. We can filter out 
these responses through the conditional model to measure the actual fund performance. 
Therefore, in contrast to the fact that conditional information improves negative alphas in 
the U.S., in a market with positive alphas due to market inefficiency, controlling for 




7.1.2 Performance Attribution by Fama’s Decomposition of Returns 
Table II presents the results of applying Fama’s (1972) decomposition of excess 
returns. In the previous section, we have shown that Jensen’s alphas indicate superior 
selection ability in Chinese mutual fund managers. However, if the portfolio is perfectly 
diversified as reflected by the Capital Market Line (CML), the portfolio would only have 
systematic risk and returns from the purely systematic risk may be higher than the actual 
fund returns. 
We can see the returns from diversification decreases from 0.130 unconditionally to   
-0.228 conditionally. This shows that after incorporating the conditional information, the 
funds would have negative returns if they had completely diversified their portfolios. 
Obtaining higher return means that fund managers need to reduce their level of 
diversification and endure some unsystematic risks. As shown in the table, the returns 
from net selectivity are all positive, suggesting that the fund managers obtain positive 
returns from the unsystematic risks.  
7.2 Performance Persistency 
7.2.1 Correlation and Two-group Division 
Panel A of Table III shows the correlation coefficients of fund alphas for the two 
periods 2004-2005 and 2006-2007. They are 0.176 unconditionally and 0.142 
conditionally, not significant at 10% level. Therefore, we cannot claim that the fund 
performances are persistent. 
 Panel B of Table III presents the results of the two-group division approach 
discussed in section 5.2.1. I divide the sample funds during the period 2004-2005 into 
two groups, High and Low, based on their alphas. Then, I calculate the alphas of the two 
groups during 2006-2007 respectively. The alphas of the High group are 0.833 
unconditionally and 0.748 conditionally. The alphas of the Low group are of 0.786 
unconditionally and 0.689 conditionally. Although the High group still performs better in 
2006-2007, a t-test shows that the difference between the two groups’ alphas is 
insignificant. This suggests that there is no performance persistency among the funds. 
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7.2.2 Performance Persistency-Regression Test 
Table IV shows the results of the cross-sectional regression indicated by equation (8). 
The alphas are computed from the unconditional CAPM and the conditional CAPM. 
Time dummies are not reported. We can see that both γ coefficients are not significant. p-
values are 0.170 and 0.721 respectively. This indicates no performance persistency. The 
result is also consistent with the insight of Li, Wu and Tang (2007) who use alphas from 
different periods to construct regressions and find no performance persistency among the 
Chinese mutual funds. 
7.2.3 Repeated Performers: Cross-Product-Ratio (CPR) 
Table V presents the results of the cross-product-ratio test. The z-statistics and the 
corresponding p-values are reported. We can only find performance persistency from the 
unconditional CAPM in 2006 with the z-statistic significant at 5 percent level. In addition, 
the difference between the sum of WW and LL and the sum of WL and LW is small, with 
13 being the largest and 3 being the smallest. The persistency pattern changes with 
different models. The CPR from the unconditional CAPM demonstrates the strongest 
persistency but the CPR from the raw return demonstrates the weakest persistency. This 
weak or no persistency contrasts sharply to the findings in the U.S. where significant 
CPRs have been detected (Brown and Goetzmann, 1995). The bottom line is that we 
cannot conclude there is performance persistency among these mutual funds. 
7.2.4 Performance Persistency with One-Year Return Sorted Mutual Funds 
Table VI presents the results of sorting and comparing funds with Carhart (1997) 
measure discussed in section 5.2.4. The portfolios formed show strong variation in 
returns. There is even performance reversion from year to year. The worst ones from last 
year tend to perform much better in the following year while the best ones from last year 
perform relatively worse. The first-last group spread for alpha is -0.139 in the 
unconditional model and -0.060 in the conditional model. This indicates performance 
reversion among the funds. The alphas actually exhibit the U-shape, with the middle 
group (group 3) performing the worst. This result is in contrast to the U.S. evidence 
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where researchers find decreasing returns and alphas from the top portfolio to the bottom 
portfolio (Carhart 1997, Guedj and Papastaikoudi 2005). 
7.3 Timing Ability 
Table VII presents the results of tests on fund managers’ timing ability. Two classic 
market timing models are used: the Treynor-Mazuy (TM) model and the Merton-
Henriksson (MH) model. The specification of the two models is presented in section 5.3. 
Panel A of Table VII reports the results of the TM model. Panel B of Table VII reports 
the results of the MH model. We can see that for all fund categories, the timing 
coefficients
 t
  and u  
are all negative. The t-statistics are significant except for the index 
funds in the MH model. This is expected because index funds are passively managed to 
track the market return. The alphas are still positive however. These results show that 
Chinese fund managers are not able to predict future market movements. In sum, one 












Chapter 8   Implications 
The above results confirm the hypotheses discussed in Chapter 4. In an efficient 
market, it is expected to find no picking ability because available information has already 
been reflected in security prices, or at least, returns from picking ability should be 
reduced to zero by the cost of operating the funds. In an inefficient market, such as the 
China’s market, fund managers can demonstrate the capability of picking undervalued 
stocks and provide positive alphas to investors. Moreover, given the high turnover rate of 
fund managers in China and the strong interference from the government, it is also 
expected to find little performance persistency among the mutual funds and timing ability 
in fund managers. 
China’s security market and the fund industry are relatively young. The chosen 
sample is the best to conduct the performance and persistency research as discussed in the 
data section. However, there may be some caveats that are worth mentioning. For 
example, the lack of evidence on performance persistency could be attributed to the short 
sample period, which imposes restrictions on the persistency study. Researchers could 
further explore this area when longer sample periods are available.  Moreover, the small 
sample size could lead to low precision in estimations.  The standard error of the 
estimates could be smaller if a larger sample size were available. In addition, the 
distribution of fund managers’ ability may not be normal. This could bias alpha estimates 
either positively or negatively.   
The analysis of mutual fund performance in this study is built mainly on CAPM while 
some other empirical studies in developed markets find security returns are also related 
with company specific factors (Fama and French, 1993). However, the relevance of the 
Fama-French three-factor model to China’s market is still under dispute. It is suggested 
that the CAPM and Jensen’s alpha would be more appropriate for evaluating the 
performance of Chinese equity open-end funds (Peng and Yang, 2003).  
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Chapter 9   Conclusions 
Mutual fund industry has been developing very fast in China, especially for the open-
end equity mutual funds. Investors and researchers start to take a close look at the 
performance patterns in this emerging market. The study of this area is becoming 
increasingly interesting.  
In an inefficient market, mutual fund performance could have features that are 
different from those in mature markets. In this study, I hypothesize that Chinese fund 
managers have the picking ability but no timing ability and that there is no performance 
persistency among the funds. 
 I show that during January 2004 to December 2007, the Chinese open-end equity 
mutual funds established before 2004 significantly outperform the market. It means that 
the fund managers have the picking ability and the market is inefficient, assuming the 
models for developed markets are suitable in emerging markets. These results are very 
different from those for U.S. mutual funds. Jensen (1968), Ferson and Schadt (1996), 
among others, find that U.S. mutual funds have negative or neutral performance relative 
to the market. Another finding in China’s market is that there is no performance 
persistency but even reversion of performance. The frequent turnover of fund managers 
might partly explain this phenomenon. Strong government interference on the market and 
the inexperience of investors could also make it less likely to observe persistent 
performance. These two facts may also contribute to the third finding that fund managers 
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Table I. Comparison of Alphas 
Panel A of this table presents the number of Jensen’s alphas from regression (1). Each fund is 
classified into different categories following Wind Inc. The total number of mutual funds is 29.I 
use mcg to represent maximum capital gain, ind to index, i to income, s to stability and g to 
growth. The αp and βp of the unconditional CAPM are the intercept and slope coefficients of  
111   ptmtpppt rR                                                                                                                (1)  
where 1ptR  is the excess return of a fund and 1mtr  is the excess return of the value weighted 
market index. Both alphas and t-ratios are presented. For the conditional CAPM, the regression is: 
11
'
11 )(   ptmttpmtpppt rzrR                                                                                    (3) 
 where tz  is the vector of predetermined instruments, consisting of the lagged dividend yield of 
the CSMAR index, a lagged Treasury yield spread (long-term minus short-term) and a dummy 
variable for Januarys.  
In Panel B of the table equally-weighted fund portfolios in each fund category are formed. The 
same regressions as in Panel A are performed on them. The t-statistics are also reported. 
 
 Unconditional CAPM Conditional CAPM 























Income 4 4 0 3 1  4 1 3 0 
Growth 7 7 1 4 2  7 3 3 0 
Stability 9 9 5 1 2  9 4 2 1 
Maxgain 5 5 0 4 1  5 2 3 0 
Index 4 4 1 0 0  4 0 0 0 
Panel B: Results for Equally-Weighted Portfolios of Funds 
Fund 
Types  αp  t(αp)   αp  t(αp)  
Income  0.4456  2.71   0.3913  2.42  
Growth  0.4642  2.52   0.3921  2.19  
Stability  0.3556  2.67   0.3252  2.41  
Maxgain  0.3844  2.82   0.3426  2.55  






Table II. Performance Attribution: Fama’s Decomposition 
This table presents the performance attribution by Fama’s decomposition for equally weighted 
fund portfolios according to their categories. The fund classification follows Wind Inc. The 
unconditional CAPM refers to equation (1) and the conditional CAPM refers to equation (3). rd is 







                                                                                                        (6) 
where E ( rm)  is the mean of the market return between January 2004 and December 2007, σm is 
the standard deviation of the market return, σp is the standard deviation of the portfolio and rf is 
the risk-free rate, βp is the beta coefficient of a portfolio. rn is the return from net selectivity 
calculated by: 
dpn rr                                                                                                                                    (7) 
where αp is the intercept of equation (1) for the unconditional CAPM or the intercept of equation 
(3) for the conditional CAPM. 
 
 Unconditional CAPM  Conditional CAPM 
Fund Types rd rn  rd rn 
Income 0.1772 0.2684  -0.1000 0.2141 
Growth 0.1833 0.2809  -0.5161 0.2088 
Stability 0.0993 0.2563  0.0435 0.2259 
Max gain 0.1190 0.2654  -0.3588 0.2236 
Index 0.0729 0.1669  -0.2091 0.1452 

















Table III. Performance Persistency, January 2004-December 2007 
Panel A of this table presents the correlation of alphas between 2004-2005 and 2006-2007. 
Alphas are computed from the unconditional CAPM 
111   ptmtpppt rR   (1) for each fund, 
and then from the conditional CAPM 11
'
11 )(   ptmttpmtpppt rzrR   (3). The 
significance levels of the Spearman rank test are reported. 
Panel B of the table is the persistency comparison between two groups of funds. In the first step, 
alphas are computed with monthly excess returns from 2004-2005 and are divided into two 
groups, High and Low, based on their alphas during 2004-2005. Then, the alphas of these two 
groups are compared for the period 2006-2007. The αp and βp of the unconditional CAPM are the 
intercept and slope coefficients of equation (1). The αp and βp of the conditional CAPM are the 
intercept and slope coefficients of equation (3). The t-statistic and adjusted R-squared are 
reported as well. 
 
 
Panel A: Correlations of alpha 
Model Unconditional CAPM Conditional CAPM 
Correlation Coefficients of 
Alphas 
0.1771 0.1324 
Spearman Rank test: p-value 0.3493 0.4856 














α 0.8331 0.7875 
 
0.7477 0.6894 
β 0.3643 0.4634 0.6704 0.7162 
t(α) 2.8000 2.7300 2.3700 2.3100 
Adj-R



















Table IV. Regression on Previous Performance 
This table presents the coefficient γ from the regression:  
,11   ptpttptr   p=1,2,…,n                                                                                         (8) 
where 1ptr is the next period excess return for fund p, and pt  is the Jensen’s alpha from the 
current period. Alpha is calculated in the unconditional CAPM (equation (1)), and the conditional 
CAPM (equation (3)). To account for the possible time-effect, time dummies are included in the 
regression though not reported. The regression is clustered on individual fund to account for the 
firm specific effect. 
 
 
Models γ t(γ) p-value 
Unconditional CAPM 0.5091 1.41 0.1700 























Table V.  Performance Persistence Patterns: Cross-Product-Ratio 
This table presents the cross-product ratio, z-statistics and t-ratios for the performance persistency 
test. We use three performance measures. The first is fund returns, calculated on an annual basis, 
assuming dividend reinvestment. The second is the Jensen’s alpha, estimated according to 
equation (1). The third is the conditional Jensen’s alpha, estimated according to equation (3). 
Winner-Winner indicates the number of above median funds in the year that were also above 
median in the following year. Loser-Winner, Winner-Loser, and Loser-Loser are defined 
similarly. The cross-product ratio is calculated as (Winner-Winner*Loser-Loser)/ (Loser-
Winner*Winner-Loser).The z-statistic is the log cross-product ratio divided by its standard error, 
and is asymptotically normally distributed, under the assumption of independent observations. p-
values are also reported. 
 
 
Winner-Loser by Returns 




2004 9 6 6 8 2.0000 0.9185 0.1792 
2005 5 10 10 4 0.2000 -1.9963 0.9770 
2006 10 5 5 9 3.6000 1.6386 0.0507 
Winner-Loser by the Unconditional CAPM 




2004 10 5 5 9 3.6000 1.6386 0.0507 
2005 10 5 5 9 3.6000 1.6386 0.0507 
2006 11 4 4 10 6.8750 2.3194 0.0102 
Winner-Loser by the Conditional CAPM 




2004 10 5 5 9 3.6000 1.6386 0.0507 
2005 10 5 5 9 3.6000 1.6386 0.0507 






Table VI.  Portfolios of Mutual Funds Formed on Lagged 1-year Return  
Mutual funds are sorted on January each year from 2005 to 2007 into 5 groups based on their previous year’s return. Then equally weighted 
portfolios are formed monthly. Funds with the highest past one-year return comprise the first group and funds with the lowest past year return 
comprise the last group. Unconditional alpha is the intercept of the equation (1) and conditional alpha is the intercept of the equation (3).  













R-square  Alpha tα 




1(high) 1.4180 2.0205 0.5071 2.67 0.4890 0.7513  0.4801 2.40 0.5326 0.7338 
2 1.2931 1.8878 0.4399 10.44 0.4581 0.7553  0.4073 2.33 0.5358 0.7679 
3 1.3830 2.1214 0.3996 2.22 0.5280 0.7960  0.3578 1.92 0.8087 0.7922 
4 1.3014 1.8405 0.5593 2.54 0.4752 0.5951  0.4693 2.14 0.9122 0.6160 
5(low) 1.2432 1.6365 0.6464 2.91 0.4301 0.4815  0.5398 2.51 0.6075 0.5319 














Table VII. Market Timing 
This table presents the market timing models of Treynor-Mazuy (TM) and Meton-
Henriksson(MH). The fund classification follows the way of Wind Inc. Equally weighted fund 
portfolios based on their categories are formed. The timing coefficient in the TM-model is t  in 
the regression:  
1
2
111   tmttmtpppt rrbr                                                                                                (9) 
and the timing coefficient in the MH-model is u  in regression: 
1111 ][ 

  ptmtumtpppt rrbr                                                                                      (10) 
where 1ptr is the excess return of a fund portfolio. 1mtr  is the excess return of the value weighted 
market index. Alphas, t-ratios and adjusted R-squared are also reported. 
  
Fund Types γ t-stat Adj-R2 
Panel A :Treynor-Mazuy Model 
Income -0.0297 -5.88 0.7430 
Growth -0.0290 -4.69 0.7304 
Max gain -0.0209 -4.54 0.7760 
Index -0.0168 -3.20 0.8971 
Stability -0.0200 -4.40 0.8255 
Panel B: Meton-Henriksson Model 
Income -1.6674 -2.93 0.7652 
Growth -1.3719 -2.05 0.7370 
Max gain -1.3220 -2.78 0.8021 
Index -0.7786 -1.48 0.7726 


































Figure 1.   Risk and Returns of Chinese Open-end Equity Mutual Funds 
This figure shows the average return and standard deviation of the 29 open-end equity mutual 

























kernel = epanechnikov, bandwidth = .05
Kernel density estimate of Jensen's alpha
 
 
Figure 2.   Kernel Density of Jensen’s Alpha Distribution 
This figure shows the kernel Density of Jensen’s alpha from the CAPM model for the 29 Chinese 
open-end equity mutual funds established before 2004. The kernel density is estimated with 
Epanechnikov kernel. Bandwidth is chosen to minimize the mean integrated squared error if the 
data were Gaussian. 
 
